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Executive Summary

This rapid Health Impact Assessment (HIA) was undertaken to support
Public Health Wales in assessing the opportunities and risks of Artificial
Intelligence (Al) in public health screening, and to ensure implementation
aligns with its responsibility to improve population health and reduce
inequalities.

The HIA identifies the potential health, well-being, and equity implications
of using Al in public health screening programmes. The assessment
considers both the opportunities and risks associated with Al use in services
such as breast cancer, cervical cancer, and lung cancer screening. The HIA
identifies that while Al offers considerable potential to enhance diagnostic
accuracy, efficiency, and early detection, it also raises important ethical,
equity, and data governance impacts. Recommendations are proposed to
guide equitable and effective implementation.
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Artificial Intelligence and public health

Artificial intelligence (Al) is a digital determinant of health and can be defined as an umbrella
term for a range of algorithm-based technologies that solve complex tasks by carrying out
functions that previously required human thinking (1). Decisions made using Al are either fully
automated, or with the involvement of a human.

Al has significant potential in public health by enabling early disease detection, improving
healthcare delivery, enhancing decision-making, and personalising treatments to meet specific
needs of individuals (2,3). It refers to the application of advanced computational techniques,
such as machine learning, language processing and predictive analytics to improve public health
outcomes.

However, new technologies such as Al also introduces potential negative impacts and challenges
such as bias, privacy concerns (4), and the risk of exacerbating health inequalities, for example
through the digital divide (5), which has been identified as a priority research area by several
stakeholders. Challenges such as this can be of relevance to public health over general
healthcare services, given that public health activities are focussed on a population level, rather
than the individual (6).

There are several ways in which public health internationally has integrated the use of Al:

1. Disease surveillance and outbreak prediction, including modelling: Al can analyse data
from different sources, such as health records, social media, existing datasets, to detect
and predict disease outbreaks. For example, algorithms can identify patterns in the spread
of infectious diseases such as influenza or COVID-19, enabling a rapid response from public
health professionals, or modelling can be used to inform policy (6-8).

2. Health promotion and behavioral interventions, such as personalised treatment
plans and health behaviour analysis: Al can help with the tailoring of public health
interventions to specific populations, or even individuals. For examples, personalised
reminders for vaccinations, health advice based on lifestyle factors, targeted campaigns for
at risk groups and telemedicine (9,10). Al under this category could also potentially improve
access to services.

3. Diagnostic assistance: Machine learning models can analyse medical images (like X-rays,
MRIs, and CT scans) and identify anomalies that might indicate conditions such as cancer,
pneumonia, or fractures (11).

All these uses of Al can potentially have an actual or potential positive or negative
impact on health equity and disparities. For example, Al can help identify and address

health disparities by analysing data across different demographic groups, ensuring that public
health initiatives reach underserved populations and are tailored to their specific needs (6,12).
However, this can also potentially increase inequalities. For example, by increasing the ‘digital
divide’ (5), relying on algorithms which may introduce bias as available data may not be available
For minority groups leading to under representation (12), unfair decision-making procedures (6)
and loss of human connection and trust (13).
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Aim

The Al movement within public health screening services is gaining momentum, not only through
radiography images, but at multiple steps along the screening pathway. For example, helping

to identify individuals who may benefit from screening, support call/recall processes, and assist
with the interpretation of imaging or other diagnostic tests. It may also support diagnostic

decision-making and help identify patients who require onward referral for treatment, providing
opportunities to improve efficiency, consistency, and earlier intervention across the pathway.

This Health Impact Assessment (HIA) aims to consider whether the use of Al in public health
screening services has the potential to alleviate or exacerbate health inequities in public
health practice in Wales. There is a gap in existing evidence which shows the potential positive
and negative impacts of Al use in public health policies, services and interventions on health,
well-being and inequities.

What is Health Impact Assessment?

As practiced by the Wales Health Impact Assessment Support Unit (WHIASU), HIA is a
systematic and flexible process that identifies the positive and unintended negative
impacts of a policy, programme or plan. It also allows for the identification of the
distribution of those impacts across different groups within the population (14).

A rapid HIA was carried out to identify and consider the impacts, with a focus on the
following:

¢ Identifying potential health impacts (positive and unintended negative).
¢ Identifying populations that may be disproportionately potentially impacted.

¢ Providing recommendations and suggested actions for policymakers and
stakeholders on optimising Al use in a way that maximises health benefits and
minimises harm.

Mapping of evidence: A review of academic, grey, and policy literature on the use of Al in
public health screening services.

Stakeholder Engagement: Key stakeholders were invited to participate in 1:1 interviews
to gather expert insights on the potential health impacts. This participatory approach is
key to a high-quality HIA and has the added value of gaining insight from key individuals in
the field to ensure any potential positive impacts are maximised, and unintended negative
consequences are mitigated for.

Further detail on the methods, can be found in Appendix 1.
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Audience

This paper and evidence can be utilised by Screening Services as a starting point when
considering the use of Al in their areas of practice, building on the findings to ensure they are up-
to date, context and population specific.

Public health screening in Wales

Public Health Wales currently delivers the following national screening programmes:

Breast Test Wales - Women aged 50 to 70 who are residents in
Wales and registered with a General Practitioner are invited for a
mammogram (X-ray of the breasts) every three years.

o ®
Sgrinio Bowel
Coluddion Screening
Cymru Wales

Bowel Screening Wales - Individuals aged 50 to 74 are offered home
testing kits to detect early signs of bowel cancer.

e
i Sgrinio Serfigol Cymru

]
-']*'. Cervical Screening Wales

Cervical Screening Wales - Women aged 25 to 64 are invited for
cervical screening every three to five years to detect cervical cancer
early.

Sgrinio Smotyn Gwaed
Newydd-anedig Cymru
Newborn Bloodspot
Screening Wales

Newborn Bloodspot Screening Wales - Newborn bloodspot screening
is when a small sample of blood is taken from the baby’s heel, on day
five of the baby’s life.

Sgrinio Clyw Babanod Cymru
iewhorn Hearing Screening Wales

Newborn Hearing Screening Wales - All newborns are offered hearing
tests shortly after birth to identify hearing impairments early.

® Sgrinio Llygaid Diabetig Cymru
Diabetic Eye Screening Wales

Diabetic Eye Screening Wales - Individuals diagnosed with diabetes
are offered annual eye examinations to detect diabetic retinopathy.

Rhaglen Sgrinio Wales Abdominal
Ymlediadau Aortig Aortic Aneurysm
Abdomenol Cymru Screening Programme

Wales Abdominal Aortic Aneurysm Screening Programme - Men
aged 65 are invited for an ultrasound scan to detect swelling of the
aorta.

Sgrinio Cyn Geni Cymru
Antenatal Screening Wales

Antenatal Screening Wales - Women who are pregnant are offered
antenatal screening tests during their pregnancy.
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Variation of uptake in the screening offer in Wales is due to several reasons, including:

® Geographical variations in uptake of screening at health board and local authority level

e People living in the most deprived communities in Wales were less likely to take up
their offer of screening compared to those living in the least deprived communities

® Younger age groups were less likely to take up their offer of screening than people in
older age groups

e For programmes that invite all genders to participate in screening there is an inequity of
uptake with men less likely to take up their offer than women, though the inequity gap
is small

e For programmes where people are invited more than once, people who have previously
attended are more likely to respond to subsequent invitations (15).
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Results

Impacts on population groups:

Whole population (16-18; interviews): o
Positive

Increased efficiencies across services, for example more timely grading of images, increased
uptake, improved patient response times, and less false positives.

Older adults (18,19; interviews): Q
Negative

Individuals aged 65+ are less likely to interact with digital screening tools, often due to
unfamiliarity with interfaces or distrust of automated decision-making. Reduced digital literacy
resulted in exclusion, anxiety, and underutilisation of available services.

Ethnic minorities and migrant communities (19-25; interviews):
Negative Q

Algorithmic bias and underrepresentation in training datasets diminished screening accuracy.
Language barriers and a lack of culturally appropriate communication created exclusion.
Concerns about surveillance and data misuse may reduce engagement, etc. Homeless and gypsy
communities may also be excluded from algorithms and models due to lack of data.

People living in rural and remote areas (19,26-29; interviews): QQ
Positive and Negative

Al offered improved reach through decentralised tools for those who live in rural areas.
However, limited digital infrastructure in remote areas caused/or may likely contribute to
inconsistent service availability. Populations in rural areas with poor internet access remained
under-screened as outlined in some studies.

Digitally excluded populations and low health literacy groups (19,30): Q
Negative

People with limited technological competence could not interpret Al outputs and lacked
confidence in acting upon Al-generated recommendations. In some cases, this resulted in missed
follow-ups or refusal to engage.

Healthcare workforce (20,21,25,98; interviews): GQ
Positive and Negative

Concern around job protection and confidence in results. However, there is recognition Al
has the potential to improve diagnostics and reduce waiting time which decreases stress on
healthcare staff.

Health, well-being and equity impacts of the use of Artificial Intelligence in Public Health Screening Programmes in Wales: 9
A Rapid Health Impact Assessment (HIA)



Identified impact on key determinants:

Determinant @ Positive Impacts

Behavioural

e Al-driven personalised invitations and screening schedules
may increase uptake (31-33).

e Al-enhanced technological interventions can increase
participation rates among diverse cohorts by offering
culturally tailored and linguistically accessible engagement
tools (34)

e Digital scepticism led to resistance in engaging with Al-led

services, especially among older adults and those unfamiliar
with technology (34).

Concerns about lack of human involvement discouraged
participation, particularly in underserved and culturally
diverse populations (25,35).

Behaviourally driven disengagement when Al tools were
introduced without prior community or user engagement.
Al tools need to be well validated (19).

Economic e Alimproved cost-efficiency by reducing staff workload, High initial implementation costs, including licensing,
triage delays, and unnecessary referrals (25,27,29,36-49). infrastructure, and validation projects, etc, posed significant
ol emabled tassiing, decreasing ok e aosts barriers (19,34,35,50,51). These costs could exacerbate
' resource inequalities between health systems (19,34,44,51).
(28,50). . . ..
Ongoing costs related to maintenance, retraining, and
® Earlier detection enabled by Al supported long-term model updates were unsustainable in some settings (17,34).
savings by reducing the cost of treating late-stage diseases
(17,28).
Healthcare e Al enabled faster, more accurate triaging and diagnosis Fragmented or poorly integrated Al systems disrupted
Services (17,40,52-65). clinical pathways, can create delays or additional burdens

e |Improved diagnostic turnaround times, reduced false
negatives, and enhanced capacity in areas with clinician
shortages (29,36,40,41,45,47,49,66,67).

e Al-enabled telehealth reduced geographic and systemic

barriers to accessing services in remote areas (46,68).

(25,69).
Inconsistent outputs and algorithmic errors can lead to
unnecessary follow-ups and referrals (35,70).

Potential for reduced clinician confidence and quality of
service when Al systems were deployed without adequate
testing or training (19,34).
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Determinant @ Positive Impacts

Macro-
economic

e Al supported workforce redistribution by automating

tasks such as image grading and prioritisation, freeing up
specialists for complex cases (17,49,59).

Workforce efficiencies and reallocation of clinical time
supported service scalability (20,25,29,31,69,71-73).

Al allowed redistribution of labour in underserved areas
(Yehetal., 2021; Zhu et al., 2023).

Mental Health

Faster turnaround of screening results via Al reduced

Psychological distress from false positives and ambiguous

& Wellbeing anxiety and uncertainty among service users (17,34,51). results generated by Al (21,23,76).
Improved clarity and consistency in Al-generated False positivgs and imperspnal decision—makir)g triggereq‘
diagnostic information led to better psychological emotional distress, especially among populations unfamiliar
. . with digital health (17,19,21).
reassurance and confidence in test results (29,59). . o ,
_ ' Mental strain was noted when Al decisions were delivered
|mpr0vement5 N Dercel\{ed COﬂtI’Ol over health due tO I'eal- W|thOUt explanation or human discussion ('I 9'34)
time feedback and Al-guided pathways (17). Staff members could potentially experience burnout due to
new stresses of using Al (interviews)
Social & Al tools co-designed with community stakeholders saw Lack of community consultation, language barriers, and
Community greater acceptance and uptake (24,28,67). culturally inappropriate tools undermined engagement in

migrant and minority groups (19-21,24).
Feelings of imposition and disempowerment when Al

tools were introduced without proper public education or
dialogue (19,34).
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The following themes have been derived through the initial synthesis of findings and mapped against key areas as follows: -

X Accessibility #1% Equity

_._'3'_,_ Health, Wellbeing & Community @ Service & Workforce Efficiency

@ Economic & Sustainability @ Trust, Acceptability & Ethical Concern
Theme @ Positive Impacts @ Negative Impacts

e Accessibility | e Altechnologiesimproved access to screening services
in rural, remote, and underserved areas by Al-enabling
telehealth, Al-assisted mobile screening, and Al-
enabled primary care triage (17,26-29,46,68,77-79).

dos  Equity e Al proved effective in facilitating stratified, risk-based e Algorithmic bias was evident where Al was trained on
'II'M screening for high-need populations benefiting high- non-representative populations, particularly impacting
risk and under-screened populations (17,29,77). ethnic minorities, migrants, and those with rare conditions

(19,21,24,25).

e Language, cultural barriers, and lack of transparency in Al
logic reduced trust and participation in some communities
(interviews).

e Disparities widened between regions with and without Al

capacity; high-resource areas adopted Al faster, increasing
inequalities (19, 51, 80; interviews).
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Theme @ Positive Impacts @ Negative Impacts
#» Health, e Al contributed to improved user wellbeing by reducing | ® False positives and unexplained or ambiguous Al
&% Wwellbeing & delays in results and increasing clarity in diagnosis results increased psychological stress, uncertainty, and
Community pathways (43,49,81,82). mistrust, particularly when not accompanied by proper
. . . communication or human explanation (17,19,21,23,83).
Faster result processing and clearer diagnostic . . )
. ) . . : A lack of human support or interaction during the
information, particularly in breast and cervical cancer ) ed onaldi : dfeeli
ing, helped reduce anxiety and enhance mental screening process led to emotional discomfort and feelings
fAfglelEr;;?wg'amon stients (34,51,59) of alienation, especially among older adults (19,50).
g gp T Patients reported distress when Al outputs were
delivered without clinical counselling or contradicted
clinician advice (21,59,76).
Poorly communicated Al decisions were associated with
increased health-related anxiety and reduced trust in the
system (19).
Lower uptake of Al-led screening among populations
unfamiliar with or sceptical of Al systems (24).

@ Service & Al triage allowed for quicker flagging of high-risk cases, Instances of overdiagnosis and unnecessary follow-
WorkFforce particularly in diabetic eye and lung cancer screening up testing due to uncalibrated Al systems have been
Efficiency (29,40,58). reported (35,59).

Al optimised workFlow by improving diagnostic speed, Healthcare workers expressed concerns abou; desk|ll|'ng,
. e . job security, unclear roles when Al took over diagnostic
reducing manual tasks and triaging patients more : e and resi cularly |
tely (40,44,58,59,84-86) or screening tasks, and resistance, particularly in
accurd et : overstretched services (21,25,34,40).
Al freed up time for clinicians to focus on complex Lack of Al-specific training caused friction between staff
decision-making by automating repetitive tasks (17,49). and technology (interviews).
I(E5 Economic & Al demonstrated cost-effectiveness by reducing High initial setup costs (infrastructure, training, licensing)
% Sustainability fFollow-up appointments, unnecessary procedures, and were cited as major barriers to adoption in lower-income
demand for specialists (17,28,29,87,88). regions (19,34,51).

@ Trust, Studies where Al tools were co-designed or Lack of explainability, “black-box” decision-making,

%> Acceptability accompanied by human explainability reported greater and minimal clinician involvement reduced public trust
& Ethical public and clinician trust (24,28). (19,21,24,25).

Concerns
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Recommendations and areas for Future research

Good governance, clear definitions and understanding:
= Whole population
m Ethnic minority and migrant communities
m Digitally excluded groups

Robust governance arrangements should underpin all uses of Al in screening services. This should
include clear accountability, transparent decision-making processes, and strong safeguards
around consent, data protection, and security. Attention is required to build confidence among
communities who may have heightened concerns about surveillance, misuse of data, or lack of
control. Clear communication about how data are used and protected is essential to maintain
trust across the whole population (interviews).

Promoting algorithm transparency and clinical explainability:
m Older adults
m People with low digital or health literacy
m Ethnic minority and migrant communities

Screening results generated or supported by Al should be accompanied by clear, accessible
explanations delivered or mediated by clinicians. This is particularly important for older adults
and people with lower digital or health literacy, who may otherwise experience anxiety,
confusion, or mistrust. Providing culturally and linguistically appropriate explanations can
also support engagement and informed decision-making among ethnic minority and migrant
communities (19,24,28,29).

Ensuring diverse, representative training data:
m Ethnic minority and migrant communities
m People with rare conditions
m People with no fixed abode

Al models should be trained and validated using data that reflect the demographic, clinical, and
geographic diversity of the Welsh population. Failure to include underrepresented groups risks
poorer accuracy and unfair outcomes for ethnic minority communities and other marginalised
populations, including those who are often missing from routine datasets. Addressing these gaps
is essential to prevent Al from reinforcing existing health inequalities. (21,24,25,89,90).

Adopting hybrid human-Al decision frameworks/systems:
= Whole population
m Older adults
m People with complex health needs

Al should be used to support, rather than replace, professional judgement within screening
pathways. Retaining clinician oversight is particularly important for individuals who may be less
comfortable with automated decision-making, such as older adults, and for those with complex
or atypical presentations. Hybrid models can help preserve trust, safeqguard quality of care, and
ensure appropriate escalation and discussion of screening outcomes (17,21,25).
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Embedding co-design and engagement with communities:
m Ethnic minority and migrant communities
m People living in deprived areas
m Rural and remote communities

Communities and service users should be involved in the design, testing, and evaluation of
Al-enabled screening tools. Co-design approaches can help ensure that systems are culturally
appropriate, accessible, and responsive to the needs of different groups. This is particularly
important for communities that historically experience lower screening uptake (28,39,67;
interviews).

Enhancing digital and health literacy:
m Older adults
m Digitally excluded populations
m People with low health literacy

Targeted support should be developed to help individuals understand and engage with Al-
supported screening processes. This may include tailored information materials, alternative non-
digital routes, assisted appointments, or community-based support (30,43).

Equitably Funding digital infrastructure:
m People living in rural and remote areas
m People living in deprived communities

Poor connectivity and limited access to digital services in rural, remote, and deprived areas risk
exacerbating geographic and socioeconomic inequalities. Targeted funding and infrastructure
planning are necessary to ensure that Al contributes to improved access (28,29).

Mandate ongoing evaluation and regulation:
= Whole population

Al systems should be subject to continuous monitoring, auditing, and post-implementation
evaluation to identify unintended harms and differential impacts across population groups.
This includes monitoring accuracy, uptake, and outcomes by age, ethnicity, deprivation, and
geography. (17,19,23,70,83,91-97).

Supporting workforce adaptation:
m Healthcare workFforce

Offering staff training, role protection, and professional development to mitigate risks of
displacement and maintain morale (20,21,25,98).

Further research is needed to look at the potential wider health, wellbeing and equity
impacts of the use of Al in healthcare, through the lens of the wider determinants of health
to understand holistic impacts in the short, medium and long term. This should include
research with different population groups.
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Limitations

e This rapid HIA was undertaken within a constrained timeframe and relied on a rapid
review of academic, grey, and policy literature, alongside a limited number of stakeholder
interviews. As such, the findings should be interpreted as indicative rather than definitive.
The rapid nature of the HIA may have resulted in some relevant evidence, particularly
emerging or unpublished evaluations of Al in screening, not being identified or included.

e Given the limitations of the available evidence, analysis at the level of individual screening
programmes was not feasible. Much of the existing literature examines Al applications in
screening in general, rather than providing programme-specific evaluations relevant to the
Welsh screening landscape. Consequently, the assessment draws on broader thematic and
cross-cutting insights rather than detailed, programme-level impacts.

e Stakeholder engagement provided valuable expert insight, but participation was limited
to a small number of individuals, and the views captured may not fully represent all
professional groups, service users, or communities affected using Al in screening.

e Finally, Al technologies and their applications in public health screening are evolving rapidly.
As such, some findings and risks identified in this HIA may change as technologies mature,
regulatory frameworks develop, and implementation experience increases. Ongoing
evaluation and iterative assessment will therefore be essential.
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Conclusion

This Rapid HIA identifies that the use of Al in public health screening programmes has
the potential to deliver significant benefits for population health, service efficiency,
and early disease detection. Looking through the lens of the wider determinants of
health, evidence suggests that Al may enhance diagnostic accuracy, reduce waiting times,
optimise workforce capacity, and support more targeted, risk-based screening approaches.
Al has the potential to improve access to screening services, particularly in high-volume
services and geographically remote areas.

However, the assessment also highlights substantial risks to health equity, trust,

and well-being if Al is introduced without robust governance, transparency, and
community engagement. Algorithmic bias, digital exclusion, and insufficient human
oversight may exacerbate existing inequalities, particularly For older adults, ethnic
minority and migrant communities, people with low digital or health literacy, and those
living in deprived or digitally underserved areas. Concerns around dehumanisation of care,
data governance, and workforce impacts further emphasise the need for cautious and
ethical implementation.

Overall, this HIA concludes that Al should be viewed as an enabling tool rather than
areplacement for human judgement within public health screening. Hybrid human-Al
models, underpinned by strong governance, representative data, clinician oversight, and
meaningful engagement with communities and the workforce, are critical to maximising
benefits while minimising harm. Addressing digital infrastructure gaps, investing in digital
and health literacy, and embedding continuous monitoring and evaluation will be essential
to ensure that the adoption of Al in screening services contributes to improved health
outcomes without widening existing inequalities.
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Appendix 1: Methodology

Literature review
The evidence review aimed to answer the following research question: ‘What is the health, well-
being and equity impact of the use of Al in public health screening services?".

PubMed was used to identify academic literature and Google and relevant organisational
websites were used to identify the grey literature.

The search string used within PubMed was as follows:

(artificial intelligence[Title/Abstract]) AND (XXX' screening[Title/Abstract]) AND ((health[Title/

Abstract]) OR (well-being[Title/Abstract]) OR (inequality[Title/Abstract]) OR (equity[Title/Abstract]) OR
(inequity[Title/Abstract]) OR (inequalities[Title/Abstract]) OR (equality[Title/Abstract]) OR (wellbeing[Title/
Abstract])).

All studies identified through search were screened by title and abstract by two members of the
HIA team against the following criteria:

e Published since January 2015 to January 2025

e Published in English language

e Full text available

® Not protocols, papers need to include findings

® Focus on screening programmes relevant to programmes run by PHW (antenatal, newborn
bloodspot, newborn hearing, diabetic eye, cervical, breast, bowel, AAA).

After all duplicates had also been removed, the full text for all remaining evidence was then
screened to ensure health, well-being or equity impacts were outlined and evidenced. Relevant
data was then extracted from the final list of included evidence into a data extraction table in
Excel.

*  This was edited for each search to show each type of Screening programme run by Public Health Wales.
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Identification

Records Identified through Academic Database
PubMed: (n= 145)

Snowballed Academic Papers: (n = 5)

Records Identified through
Google, Google Scholar, Health Evidence Network
Sources of Evidence, WHO Institutional Repository
for Information Sharing (IRIS), Health Systems

v Evidence, WHO Library (WHOLIS), OECD (iLibrary)
Records after Duplicates Removed (n=1,345)
(n=125) '
v A 4
Records included Records Excluded Records Screened Records Excluded
after screened by N (n=44) by Title and N (n=1211)
Title an_d Abstract Did not meet the inclusion Ab_stracl: Did not meet the inclusion
(n=125) criteria either in terms of (n =1345) criteria either in terms of

study design or not focusing
on screening programmes
relevant to those run by
Public Health Wales

study design or not focusing
on screening programmes
relevant to those run by
Public Health Wales

Articles Excluded
(n=41)
for reasons including:

Full-text Articles
included after
being assessed For >

Excluded
(n=91)

Full-text Articles
included after

being assessed for [ Irrelevant or no health,

el(igib8il1i)ty e Study protocols
n=
® Health, well-being or
equity impacts of Al not
evidenced
Included

(n= 40) l

Total Included
(n=84)

eligibility wellbein S
g or equity impacts
(n=134) of Al evidenced
Included
(n=43)
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The included studies were focussed on a range of Screening programmes:

Screening Programme ‘ Number of included studies
Breast cancer 30
Cervical cancer 19
Diabetic eye 21
Lung cancer 9
Newborn screening 2
Bowel screening 1
Various types of cancers 1

Semi-structured interviews

In total, seven Screening professionals from Public Health Wales were invited to participate in

a semi-structured telephone interview. These individuals were identified as recommendations
by a Lead for Screening in Public Health Wales as having insight into the use of Al in their field
of expertise. Post email invitation, five individuals participated in an interview from differing
positions across Screening programmes delivered in Wales. A consistent set of questions was
used to guide each interview. All interviews were recorded, and detailed notes were transcribed
and verified by the interviewees to ensure accuracy and validity.

Evidence synthesis

The evidence from the literature review and interviews were systematically integrated by
comparing the extracted key themes and insights from the reviewed literature with the findings
from the qualitative interviews. Any overlaps, contrasts and gaps were then identified which
allowed for the triangulation of evidence to present key findings, impacts and recommendations
collated from all evidence sources.
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